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Abstract

Open-source intelligence is gaining popularity these
days due to the development of social networks. There
is more and more information in the public domain. Twit-
ter is one of the most popular social networks, so it’s worth
analyzing its information. It was chosen to analyze the de-
pendence of changes in the number of likes, reposts, quotes,
and retweets on the aggressiveness of the post text for a
separate profile since this information may be important
not only for the owner of the channel on the social net-
work but also for other studies that somehow affect user
accounts and their behavior on the social network. also,
the task of this work was a detailed analysis and evalua-
tion of the capabilities of the tweety library and situations
in which it can be effectively applied. also, the creation
and description of a compiled neural network, the purpose
of which is to predict changes in the number of likes, re-
posts, quotes, and retweets from the aggressiveness of the
post text for a separate profile.

Introduction

Open-source intelligence (OSINT) is an intelligence
discipline that synthesizes information from publicly avail-
able sources and analyzes it. In the intelligence commu-
nity, the term “open source of intelligence data” indicates
the public availability of the source (as opposed to secret
sources and sources with limited use), but it is not related
to the concepts of open source information, meaning any
information in the media space.

Twitter is a USA microblogging service and social net-
work where users post messages, known as “tweets”, and
interact with them. Users interact with Twitter through
a browser, a mobile app, or an API. Until April 2020, the
services were available via SMS. The service is provided
by Twitter, Inc., based in San Francisco, California, and
has more than 25 offices worldwide. Initially, tweets were
limited to 140 characters, but in November 2017, the limit
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was doubled to 280 for most languages. Audio and video
replies remain limited to 140 seconds for most accounts.
The marketing research company Pear Analytics an-
alyzed 2,000 tweets (information from the US and in En-
glish) for 2 weeks in August 2009 from 11:00 am to 5:00
pm (CST) and divided them into six categories. As shown
in the Figure 1.[1]
1) News (Green)
2) Spam (Purple)
3) Self-promotion (Orange)
4) Small talk (Red)
5) Conversations (Blue)
6) Retweets or repeated messages (Brown)

Task description

Twitter is a popular social network, so keeping your
account is essential for some people. An incorrectly written
tweet can lead to severe ratings or monetary losses. But
people are different, and everyone chooses the one he likes
best. Therefore, it is very important to determine what
the audience expects you to hear, or rather even to hear
something, but how. The same news can be presented
in entirely different ways. You might think that the less
aggressive and positive a tweet sounds, the better. But
this is not always the case.

Because of the unique structure of the human psyche,
which was formed by evolution for survival in the wild,
negative or aggressive emotions are remembered most of
all. And the more aggressive they are, the better they
are remembered. The next most effective memorization
is positive emotions. Neutral ones are remembered very
poorly.

But this does not mean that the more aggressive and
negative your tweet sounds, the better. If people follow
your news for positive content, for example, if you own
a large company, such a tweet is likely to be perceived
negatively, and your stocks will fall.
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There are several metrics for users’ evaluation of a
particular tweet:

The number of likes is shown in Figure 2. This is the
number of times users clicked to express what they liked.

The number of retweets is shown in Figure 3. This
is how often users have shared (distributed) your post to
others. This is what they do with those posts that they
consider particularly important.

The number of replies is shown in Figure 4. You can
interpret them as a kind of comment. How many times
have users expressed their opinion about this tweet?

8.7% 3.6%

3.8%

37.6%

Figure 1. Six categories of Twitter Tweets [I]

P Adrica Facts Zone @AldcaFactsZons - 11h
4 Chelsea Player, Kal Haverts |5 spending his hollday at Rayal Maléwans
Lodge in Kruger Mational Park, South Africa,

South Adrica i the bast country 1o trevel Bor adventure in the workl.

South Africa was Africa’s second most visited country with 2.8 million
tourists in 2020,

Figure 2. Likes from Twitter

And the number of quotes. A quote tweet is a retweet
that contains some additional text.

All these four metrics reflect one or another audience
engagement.

We will try to build a neural network that will use the
history of recent tweets to analyze the audience’s tastes.
That is, we will be able to see how the audience will react to
tweets with varying degrees of aggressiveness. the degree
of reaction will be measured by changing the number of
these four metrics.

The importance of such an analysis cannot be underes-
timated because if users do not like tweets, then, as already
mentioned above, this will have negative consequences for
the author.

Adrica Facte Tone @aldeaFactafons - 11h o
Chilsas Player, Kal Haverts i spanding his hollday a1 Royal Malewans
Lodge in Kruger MNational Park, South Africa,

&

South Alrica i tha bast country 10 trived for sivanture in the workd.

South Africa was Africa’s second most visited coundry with 2.8 milllen
tourists in 2020,

Figure 3. Retweets from Twitter

G Adrica Facts Zone @aldcaFactafons - 11h was
4 Chelsaa Player, Kal Havert: i spending his hollday a2 Royal Malewans
Ledge in Kruger National Park, South Africa,

SOUTh Alrica i the best country 10 trived for sivanture in the workd.

South Africa was Africa’s second mast visited coundry with 2.8 million
tourists in Ul

Figure 4. Replies from Twitter
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Expected results

The graphs for likes, quotes, retweets, and replies are
expected to be approximately the same since these metrics
express people’s interest in different forms.

It is also expected that representatives of companies
will have the form shown in Figure 5. Here the aggres-
siveness of the text is marked on the x-axis. -1 - very
aggressive. 1-positive. 0-neutral.

Figure 5. Expected graph for companies

This should be because it is beneficial for the company
to tell everyone that things are going well, even if they are
not.

For bloggers, the expected picture will be either the
same as shown in Figure 6 or the same as in Figure 7,
depending on the audience’s bias.

Figure 6. First of expected graph for bloggers

Used libraries

Currently, the actively supported library for interact-
ing with Twitter is tweetpy.

But to be able to work with it, you need to register as
a developer through your Twitter account.
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There are 3 options. Their limits are mentioned in
Figure 8.2

Tweetpy offers various methods for interaction. Most
of them are really useful, but according to my search, some
are useless. Let’s try to value them.

Description of tweetpy methods and evaluation of their
usefulness from 0 to 10:[3]

Description of situations in which the method data
can be used. Based on it, a utility assessment was made
for table 1.

TextBlob was used for semantic analysis.

Initially, the text should be cleared of various charac-
ters, such as / or brackets. After cleaning, you can calcu-
late the polarity of the comment using a TextBlob for each
comment separately.

Complete cleanup and run TexnBlob for semantic
analysis are shown in Figure 9.

Theory

Simplistically, the work of the semantic analyzer can
be represented as the scheme shown in Figure 10. [4]

Initially, we analyze the dataset and bring the text
lengths to the same length by adding empty characters to
the end of shorter ones. Next, we tokenize and delete the
stop words. This can be represented by removing insignifi-
cant or insignificant words from sentences to shorten their

Figure 7. Second of expected graph for bloggers

V2 Access Levels

Esgantial Elireated Acadenic Research

Figure 8. Account limits [2]
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length and not confuse the analyzer since they carry almost
no meaning.

Next, we will transform them into code; since the al-
gorithm does not understand the text, any words must be
encoded. Next, we classify and evaluate.

A neural network is a very old concept, known back

def clean_tweet(tweet):
return Jadn(
re. b

([*0-54-Ta-1 ‘)

-]
+
[y

L]
Tweat )
| sp2it(})

def get_tweet_sentiment(tweet):

analysis TextBleb(clean tweet(twest))
return analysis.sentiment.polarity

Figure 9. Complete cleanup and semantic analysis

Review Dataset

<z

Pre-Processing
f;
1 .Takeﬁizer
2. Stopwords removal

!

ey

Transformation

{

L

Classification
!

Evaluation

Figure 10. Semantic analyzer scheme [4]

in the 20th century. But some aspects of it still require
clarification. This is an activation function, namely, the
difference of these activation functions applied after each
neural network level.

The sigmoid function, shown in Figure 11, converts
the incoming values into the real range [0, 1]. If the in-
put data turns out to be largely positive values, then after
the conversion, they will be approximately one, and nega-
tive numbers will become close to zero. This fairly popular
function can be interpreted as the frequency of neuron ex-
citation. [5]

Sigmoid
o(z) = 17¢

l14e—=

Figure 11. Sigmoid [5]

The tangent, shown in Figure 12, is very similar to
the sigmoid, but it has two significant differences: it con-
verts data to the range [-1, 1]. It has zero centering, which
eliminates the second problem of the sigmoid. The gra-
dient values can still be reset during reverse propagation;
however, a tangent is usually preferable.

tanh
tanh(x)

Figure 12. Tanh [5]

ReLLU, or Rectified Linear Units, shown in Figure 13,
has become quite popular recently. It calculates the func-
tion f(x) = max(0,x); that is, it simply outputs the values
”zero” and "not zero”. This solves the problem of zeroing
the gradient for positive numbers. In addition, the ReLU
is very simple to calculate (about six times faster than the
sigmoid and tangent).

That is why it was decided to choose this activation
function to solve this problem.

LReLu is shown in Figure 14. The difference of this
function is that it has a slight slope in the left half plane,
which means that with harmful input data, the gradient
will not be zero.

Maxout, shown in Figure 15, selects the maximum sum
of two sets of weights multiplied by the original data, con-
sidering the offset. Thus, it generalizes Rely and leaky
ReLU without zeroing the gradient. But, as you can guess
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by the type of function, maxout requires doubling the pa-
rameters and neurons.

Another concept that needs explanation is the concept
of retraining and the concept of Dropout, which is a solu-
tion to the problem of retraining. In the learning process,
all machine learning algorithms are prone to overfit. Con-
ditionally, this can be understood as if the algorithm did
not try to understand the rule by which it is possible to
get answers (which is what we want from it) but simply re-
membered the answers. Overfitting is one of the problems
of Deep Neural Networks. For example, a model explains
only examples from the training sample well, adapting to
the training examples instead of learning to classify ex-
amples that did not participate in the training (losing the
ability to generalize). In recent years, many solutions to
the problem of retraining have been proposed, but one of
them has surpassed all the others thanks to its simplicity
and excellent practical results. This solution is Dropout
[6].

Figure 16 shows a neural network before applying
Dropout, and Figure 17 shows a neural network after ap-
plying Dropout.

The main idea of Dropout is to train an ensemble of
several Deep Neural Networks instead of training one and
then take the average from the results.

Networks for training are obtained by excluding neu-
rons from the network (dropping out) with a probability
of p, so the probability that the neuron will remain in the

RelLU

max (0, z)

Figure 13. ReLu [5]

Leaky ReLU
max(0.1z, x)

Figure 14. LReLu [5]

Maxout
max(wi x + by, ws x + by)

Figure 15. Maxout [5]
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network is q=1-p. The exclusion of a neuron means that
for any input data or parameters, it returns 0.

Excluded neurons do not contribute to the learning
process at any stage of the back-propagation algorithm;
therefore, excluding at least one of the neurons is equivalent
to training a new neural network.

W

" ~
\%’ ?
i
;‘ X

<7
A
v
2>
X)
XS
I{
)

4

W
2
W
N
¢
g
'
%

-

‘

o<
QALK
LY
W
DI e
KO
RN
2

)
(%
4]
5

\
N
o
K
4

(

Figure 16. Neural Network before dropout [6]
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Figure 17. Neural Network after dropout [6]
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Dataset 2) Tweet’s id

Initially, the algorithm receives the user’s name as in- 3) Amount of retweets for each tweet

put; then, using the methods described above, it receives 4) Amount of replies for each tweet

the user’s ID, then his last comments with the metrics de- 5) Amount of likes for each tweet

scribed above. The dataset itself then looks as shown in 6) Amount of quotes for each tweet

Figure 18. The message text is cleaned for each tweet, and se-
Figure 19 shows a full python function using the user mantic analysis is performed using TextBlob.

id and the get__users_ tweets method with the public_ met- The final dataset is shown in Figure 20.

rics attribute to get information about metrics, too, to ex-

tract raw information. The result of the get_ users_ tweets SANLIMSN]. FOheecCOUNL Mephy_count Mbe_coumt quols_count

method is later reformatted into a DataFrame, a regular 0 000 1153 1575 54218 121

table. 1 060 1040 749 2824 52

o) oty e e ) 025 23 304 12774 13

-:::;;:;l:n;-tl:! = lient,get_users_tueets(id = user, 3 ng ire N} 13040 13
man_peculti-count

g _figlde-["petliz mereias 4 080 143 232 14085 13

) 9% 000 ! EL] 1087 §
% oo b6 33 1882 T
ot lé-_t; o o7 06D 1618 644 T4279 173
TEBeT TEVT.JQpENI{TWEET, Teut) . -
Tl _wenl Dt append (gl _Dessl_senl Lisat( Lusl . sl L] 0.3% Ly 2009 5570 LL
Tatet L4, sSeand( tusdt }
Bl _relusst "J'r.‘ll:-"l!:-d"-.: F o9 oo B 85 3TES 5

Figure 20. Final dataset

rebure pi, Dat el ramei{ Teul

Now it contains only 5 attributes. Four of these are

= sty metrics, and the fifth is the result of the semantic analyzer.

LT CRNE et Lo, Such a dataset will be submitted for training a neural net-
e work.

TudEl_FETabEY_CSutl,

Figure 18. Creation of DataFrame from Figure 12 Neural Network
The neural network receiving the input dataset, shown
in Figure 20, is shown in Figure 21.

bl W et comet couly cownl Wim_coued  Quide_ e The input layer contains 600 neurons. It processes and
. - S - v . receives the sentiment column as input.
el : : ; : Next comes 3 hidden layers with 600 neurons, a Relay
T — activation function, and a Dropout of 0.1.
iy~ ity e e - The output layer is 4 neurons since it is required to
S . I . predict 4 signs. Ends with the Relu activation function.
i That is, in relation to the current neural network,
3 R T " 7 w0 0 where Dropout is 0.1, this means that on average, 90%
B sl o - o e . of all neurons will be involved because, for each neuron,
— the probability of disconnecting is 10%.
T . ; o . Figure 22 shows the creation of this neural network in
- python, but with the help of the Keras library, which is
s BRI g kTR 198 [ » e i s s
e just created to create various neural networks.
W dmageaty TSHIITRSA0NIN i Wai TaTw 73
L Results and analyses
R T T ee— & 20 “n . As a result of the work of the program, the following
e :1 results were obtained:
» rgal TEHUTHRAIAI 100144 A " 6 5 For a blogger named kathryniveyy, the quote count
graph is shown in Figure 23.
Like count in Figure 24.
Figure 19. Starting dataset Reply count in Figure 25.
The retweet count is in Figure 26.
It contains 6 attributes: As you can see in this graph, the audience of this blog-
1) The text of the tweet ger prefers an aggressive presentation of information. The
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number of all metrics decreases with increasing positivity.

This is especially noticeable after 0.

But not all charts look the same. Figure 21 looks
incredibly distinctive. But let’s try to take another blogger.

Input layer  Relu

Dropout

600 neurons 0.1

Hidden layer Relu Dropout

600 neurons 0.1

Hidden layer Relu  Dropout

600 neurons 0.1

Hidden layer Relu  Dropout

600 neurons 0.1

Output layer Relu

-

4 neurons

Figure 21. Neural Network scheme

model = Sequential()

model . add (Dense{ddd, Input_shape=(1,), activation="relu'})
model . add (Dropout(@.1))

model . add(Dense(600, activations'relu’))

mode] . add (Dropout(8.1))

model . add (Dense{ 688, activatlons‘relu’))

model . add (Dropout(@.1))

model . add (Dense{&d@, activations'relu’))

model . add (Dropout (@.1))

model . add (Dense{l, activation='relu”))
model . complle(lois="méan_squarded_érror", eptimiier-'"adam")

Figure 22. Code representation of Neural Network
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Figure 23. Quote count for kathryniveyy

ke _count
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Figure 24. Like count for kathryniveyy

rEply_count

oy
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Figure 25. Reply count for kathryniveyy
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For example, MrBeast. DessertPassion was taken. For it, these results were

For him, the results were the opposite. observed:

The quote count graph is shown in Figure 27.

Like count in Figure 28.

Reply count in Figure 29.

The retweet count is in Figure 30.

As expected, all metric graphs differ from the metric
graphs of the previous blogger.

like_count

If we take a prominent businessman, for example, Elon
Musk, the results will be as follows:

The quote count graph is shown in Figure 31.

Like count in Figure 32.

Reply count in Figure 33.

The retweet count is in Figure 34.

. . 1ge search

As we can see, the likes chart is out of the expected -
picture and is quite similar to the blogger’s likes chart. The .
rest of the metrics look about as expected. @ : T T T T

) , , s —uea 050 -025 000 025 050 075 100
It is also interesting to look at the results for some
stores that would have an account for advertising.

Figure 28. Like count for MrBeast

refweel_count

reply_count

100 075 050 025 000 025 050 075 100

-1.00 -0.75 -0.50 -0.25 000 025 050 075 100

Figure 26. Retweet count for kathryniveyy Figure 29. Reply count for MrBeast

quota count retweet_count
i —uss —050 -0.25 000 025 050 075 100 it 050 05 000 425 430 4B 100
Figure 27. Quote count for MrBeast Figure 30. Retweet count for MrBeast
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quote_count

H @ : —

mie =iis =050 =025 000 025 050 075

The quote count graph is shown in Figure 35.
Like count in Figure 36.

retweet_count

104
-100 -0.75 -0.50 -0.25 000 025 050 075 100
Figure 31. Quote count for Elon Musk
Figure 34. Retweet count for Elon Musk
like_count
quate_count
-1.00 -0.75 -050 -0.25 000 025 050 075 100 =) I . , , , , ,
=i =0 do =050 -035 000 @25 05 G7Ts Lad
Figure 32. Like count for Elon Musk
Figure 35. Quote count for DessertPassion
ly_count
s bke count
P — ® i —
=iame = =050 =035 000 G025 05 075 100 —i = =050 -03% 000 025 050 075 100
Figure 33. Reply count for Elon Musk Figure 36. Like count for DessertPassion
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Reply count in Figure 37.

reply_count

W@

i =0is =050 =025 000 025 050 075 100

Figure 37. Reply count for DessertPassion

Retweet count in Figure 38.
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Figure 38. Retweet count for DessertPassion

The metric graphs are very similar to the metric
graphs for Elon Musk. Still, since advertising implies a
slightly different approach to formulating posts, we can
see significant differences in the likes and small ones in the
retweet graphs.

As we can see, it is impossible to choose a unique
strategy for writing posts that would always work well.
For different bloggers, the writing style can quickly be dia-
metrically opposed. And even speaking of companies, the
behavior of the company’s face and the account for ad-
vertising will also have differences. However, they should
follow the same strategy of hiding failures and demonstrat-
ing victories.

All this information is very important for those en-
gaged in maintaining these accounts and for those who will
try to analyze the behavior of people, companies, or even
changes in the value of stocks.

355-10

Summary and Outlook

As a result of the work, a detailed analysis and evalu-
ation of the capabilities of the tweety library and the situa-
tions in which it can be effectively applied was carried out,
and an approximate algorithm for the operation of the se-
mantic analyzer was described. The dataset for the model
was compiled and cleaned. A neural network has also been
successfully created and described, the purpose of which is
to predict changes in the number of likes, reposts, quotes,
and retweets from the aggressiveness of the post text for a
separate profile. The results of this model were compared
and described.

This project may be developed in the future to predict
or analyze changes in people’s positions on various issues,
which will allow getting more accurate and free data than
currently received by social surveys.

Another option is to supplement this algorithm to pre-
dict the trend of change in the value of stocks or even per-
spectives of the company.
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Table 1. Tweetpy methods and their evaluation

Method Description Score

hide_reply() | Hides the reply to a certain | 7
tweet.

unhide_ re- Unhides the reply to a certain | 2

ply() tweet.

unlike() Unlike the certain tweet. 3

get_ liking Get information about users | 9

_users() who like a tweet.

get_ liked Allows you to get information | 9

__tweets() about a user’s liked tweets.

like() Allows you to like a tweet. 1

delete__tweet() Allows you to delete a tweet. 10

cre- Allows you to create a tweet. 0

ate__tweet()

Unretweet() | Allows you to remove the | 3
retweet of a tweet.

get_retweet- | Allows you to get information | 8

ers() about who has retweeted a cer-
tain tweet.

retweet () Allows you to a tweet. 2

search__all Allows you to search in the | 4

_ tweets() history of public tweets that
match a search query.

search_ re- Allows you to search in the re- | 5

cent cent history of public tweets

__tweets() that match a search query.

get__users Allows you to get tweets that | 0

__mentions() | mention a single user.

get__users Allows you to get tweets com- | 10

__tweets() posed by a single user.

get__all_tweets Allows you to get the complete | 5

__count() history of public tweets that
match a search query.

get__recent Allows you to get a complete | 5

__tweets__count(history of public tweets for the
last 7 days that match a search
query.

get_tweet() | Allows you to get information | 10
about one tweet.

get__tweets() | Allows you to get information | 10
about many tweets.

unblock() Allows you to unblock a user. | 2

get__blocked()| Allows you to get a list of users | 2
who are blocked.

block() Allows you to block a user. 2

unfol- Allows you to unfollow a user. | 2

low__user()

get__users Allows you to get a list of | 2

_ followers() | users’ followers.

get__users Allows to get a list of people | 2

_ following() | who the user follows.

follow Allows you to follow a user. 2

_user()

unmute() Allows you to unmute a user. | 2

get__muted() | Allows you to get a list of users | 2
who are muted.

mute() Allows you to mute a user. 2
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Table 1 continuation. Tweetpy methods and their evaluation

Table 2. Tweetpy methods and usage situations

hide_reply()

Creating a profile control bot can be use-
ful. For example, if the answers are too
negative, they may be hidden.

unhide_re-
ply()

It can be useful to use to create a profile
control bot. For example, if the responses
are too negative and were blocked before,
then after a while, they can be reopened.

unlike()

It can be useful to use it to create a pro-
file management bot. For example, if it
turns out that the one you liked loses its
reputation dramatically. For example, it
could be useful if you liked some posts in
support of Russia before the start of the
war with Ukraine, then after the start of
the war, you need to delete your likes so
as not to incur reputational losses.

get_ liking
_users()

It can be useful for analyzing your au-
dience or people’s behavior in principle.
Having received information about users
who have liked, you can analyze their
profile and behavior on the network. For
example, which people support certain
ideas.

get_ liked
__tweets()

It can be useful for analyzing your au-
dience or people’s behavior in principle.
Having received information about the
tweets users have liked, it is possible to
analyze their interests and views on life
using semantic analysis. For example,
which people support certain ideas.

like()

It can be useful for analyzing your au-
dience or people’s behavior in principle.
Having received information about the
tweets users have liked, it is possible to
analyze their interests and views on life
using semantic analysis. For example,
which people support certain ideas.

get__user() Allows you to get a lot of infor- | 9
mation about the user.

get__users() Allows you to get a lot of infor- | 9
mation about users.

get_ list Allows you to get a list of tweets | 8

__tweets() from the specified List.

unfol- Allows you to unfollow a List. 6

low_ list()

get_list _ fol- | Allows you to get a list of users | 6

lowers() who are followers of a List.

get_ followed Allows you to get a List of users | 6

_lists() to follow.

follow_list() Allows you to follow a List. 6

get_ list() Allows you to get information | 5
about a specified List.

get__owned Allows you to get all lists the | 5

_lists() user owns.

remove__list Allows you to remove a member | 5

_member() from a List.

get_ list Allows you to get members of | 5

_members() the specified List.

get_ list Allows you to get lists that a | 5

__member- user is a member of.

ships()

add_ list Allows you to add a member to | 5

__member() a List.

delete_ list() Allows you to delete a List. 5

update_ list() Allows you to update the meta- | 5
data of a List.

create_ list() Allows you to create a List. 5

unpin_ list() Allows you to unpin a List. 5

get_ pinned Allows you to get Lists pinned | 5

_lists() by a user.

pin_ list() Allows you to pin a List. 5
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delete_ tweet()

It can be useful to use it to create a profile
management bot. For example, to auto-
matically delete a tweet if the reaction to
it is too negative.

cre-
ate__tweet()

It can be useful to use it to create a profile
management bot. For example, automat-
ically create tweets so they come out at
a certain time.
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Table 2 — continuation: Tweetpy methods and usage situations

Unretweet()

It can be useful to use it to create a pro-
file management bot. For example, if it
turns out that the one you retweeted loses
its reputation dramatically. For exam-
ple, it could be useful if you retweeted
some posts in support of Russia before
the start of the war with Ukraine. After
the start of the war, you need to delete
your retweet so as not to incur reputa-
tional losses.

Table 2 — continuation: Tweetpy methods and usage situations

get_ retweet-
ers()

It can be useful for analyzing your au-
dience or people’s behavior in princi-
ple. Having received information about
users who retweeted, you can use seman-
tic analysis to analyze their interests and
Based on this, un-
derstand which posts are liked by which
categories of people.

even views on life.

get_ all A very useful function that allows you to

_ tweets analyze the number of relevant tweets for

_count() a long period of time on request. For ex-
ample, to analyze the popularity of a par-
ticular thing.

get__recent A very useful function that allows you to

_ tweets analyze the number of relevant tweets for

_count() a short recent period of time on request.

For example, to analyze the popularity of
a particular thing.

get__tweet()

Allows you to get information about a
certain tweet. It can be used to analyze
tweets with poor ratings.

get__tweets()

Allows you to get information about cer-
tain tweets. It can be used to analyze
tweets with poor ratings.

unblock()

It can be useful for creating a bot. It will
allow you to unblock users if you have
already blocked a lot:)

get__blocked()

It can be useful for creating a bot. Al-
lows you to find out how many and which
users you have already blocked. Perhaps
it’s time to unblock some of them.

block()

It can be useful for creating a bot. It will
allow you to block the user. It is useful
if the system understands that this user
is trying to compromise or promote an
unfavorable position for you in the com-
ments.

unfol-
low__user()

It can be useful for creating a bot. It
will allow you to unfollow a user who has
somehow compromised himself. It is use-
ful not to incur unnecessary reputational
losses.

retweet() It can be useful to use it to create a profile
management bot. For example, to auto-
matically retweet popular tweets to gen-
erate activity in your profile.

search all It can be used to create a dataset from

__tweets() random users, for example, using some
word or hashtag for a long period of time.

search re- It can be used to create a dataset from

cent random users, for example, using some

__tweets() word or hashtag for a short recent period
of time.

get__users It can be used to analyze the attitude of

_mentions() | different categories of people to a partic-
ular user, event, or even country, as well
as how this attitude changes.

get__users A very useful function that allows you

__tweets() to get user responses, and based on it,
an analysis of user behavior will be per-
formed.

get_ all A very useful function that allows you to

_ tweets analyze the number of relevant tweets for

_count() a long period of time on request. For ex-
ample, to analyze the popularity of a par-
ticular thing.

get_ re- A very useful function that allows you to

cent__tweets | analyze the number of relevant tweets for

_count() a short recent period of time on request.

For example, to analyze the popularity of
a particular thing.

get__ users__ fol
lowers()

It can be useful for analyzing the au-
dience or people’s behavior in principle.
Getting information about the users who
are following this user. With this infor-
mation, you can make a complete anal-
ysis of your audience or the audience of
someone else, for example, your competi-
tor.

get__tweet()

Allows you to get information about a
certain tweet. It can be used to analyze
tweets with poor ratings.

fol-
low__user()

It can be useful for creating a bot. It will
allow you to block the user. It is useful
if the system understands that this user
is trying to compromise or promote an
unfavorable position for you in the com-
ments.

get__tweets()

Allows you to get information about cer-
tain tweets. It can be used to analyze
tweets with poor ratings.

unmute()

It can be useful for creating a bot. It will
allow you to unmute users if you have
already muted a lot:)
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Table 2 — continuation. Tweetpy methods and usage situations

get__ muted()

It can be useful for creating a bot. Al-
lows you to find out how many and which
users you have muted. Perhaps it’s time
to unmute some of them.

mute()

It can be useful for creating a bot. It will
allow you to mute the user. It is useful
if the system understands that this user
is trying to compromise or promote an
unfavorable position for you in the com-
ments.

get__user()

It can be useful for analyzing the au-
dience or people’s behavior in princi-
ple. After receiving information about
the user, you can analyze his activity,
profile, and those with whom he is as-
sociated.

get__users()

It can be useful for analyzing the au-
dience or people’s behavior in princi-
ple. After receiving information about
the users, you can analyze their activity,
profile, and those with whom they are as-
sociated.

Table 2 — continuation. Tweetpy methods and usage situations

add_ list
__member()

Allows you to adjust the dataset by
adding users.

delete_ list()

It can be used to manage the entire
dataset at once.

lowed people.

get_ list It can be used to create a dataset for be- update_list() | It can be used to manage the entire
_tweets() havioral analysis using tweet data. dataset at once.
unfol- It can be used to create a dataset for be- create_ list() It can be used to manage the entire
low_ list() havioral analysis using data about unfol- dataset at once.

get_ list _ fol-
lowers()

It can be used to create a dataset for be-
havioral analysis using data about follow-
ers.

unpin_ list()

It can be used to manage the entire
dataset at once.

get_ followed
_lists()

It can be used to create a dataset for
behavioral analysis using data about fol-
lowed people.

get_ pinned It can be used to get information about
_lists() all pinned sheets at once.
pin__list() It can be used to manage the entire

dataset at once.

follow__list()

It can be used to create a dataset for be-
havioral analysis using data about follows
people.

get_ list()

It can be used to create a dataset for be-
havioral analysis using data about unfol-
lowing people.

get__owned

It can be used to get information about

_lists() already created datasets of a certain user.
remove__list Allows you to adjust the dataset by delet-
__member() ing users.

get_ list It will allow you to quickly get all the
__members() members of the list, which is very impor-

tant for analyzing people from the list.

get_ list It will allow you to quickly get all the
__member- members’ hips of the list, which is very
ships() important for analyzing people from the

list.
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